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. * Neural network applications to speech processing.
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$5. COAENN—T o %, BHER1ZBHEE
LIBERET—2&a v/ Ca— 20— LM ETEE- T,
back-propagation ThL—=>7"1L, 4 G/ —x& 7}t
o YBEUSETFNMEOEREFETERC L E2REAL
7co HiT, TUFHEICH T4 MESEMZ - RSERS
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